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Abstract We propose a novel boosting method for early classification of sequences. In many practical problems, we would
like to classify a sequence into one of K classes as quickly as possible, without waiting for the end of the sequence. In this
paper, we propose a multiclass early classification model based on Adaboost, which extends the previously proposed “Early-
boost” for a binary classification to deal with many real-world problems. The formulation of the proposed multiclass early
classification method is straightforward, and its computational cost is small. We show the effectiveness of our method through

the classification experiments of driver behaviors and online hand writings.
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