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Adaptive Clustering Method using Modular Learning Architecture
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Fig.2 An image of the proposed model.
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Fig.3 Input data distributions.
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Table 1 Classification accuracy.
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Fig.6 Input data distributions used by additional
learning.
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Fig. 7 Examples of clustering process with additional learning.
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Fig.8 Estimation results of the number of classes
with additional learning.
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Fig.9 Examples of facial image.
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