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Fig. 1 An example of the estimates of Uy,
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Fig. 2 Estimates of Uy for musicAl for unsuper-
vised audio source separation.

e musicA: AM Contra - Heart Peripheral (Elec-
tronic Dance Pop)

e musicB: Actions - Devil’'s Words (Power Pop)

e musicC: Actions - South of the Water (Power
Pop)

3 DOSBHE BT, 2 TN—X, RT LA, FOMoD
WEL T p—HND4L NTF I Thol-.

ARFEBRTIX, musicAl, musicA2, musicB, musicC
ELT, EnEhn bidiho—Hamb Lz, i
XX, NEFIZ 1:50-2:00, 0:50-0:60, 1:47-1:57, 1:07-
1:17 TH 5. ZHHEXEE, K& RO b a2 RS
T, APFTHRELE. BT X3/ IV
U o J R ENE 22.050kHz & L7-. EEH 77—V
FHICBITH 7L —AEITR2ms L LT, 7L—Aay
7 FRIT 16ms & L7=. NPCA BT 5 H, U DY)
HWUEIZIE, @ O NMF 2 X 50 is B2 L.
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Table 1 SNR improvement (dB) under each section
of music applying NMF and NPCA.

data model bass | drum | other | vocal [[average
musicAT] NMF 1.59 9.66| 11.27 | 15.02 9.39
NPCA || 2.35 9.61 | 11.14 | 14.55 9.41
musicA2] NMF 2401 10.48] 10.89 | 12.91 9.17
NPCA || 3.19 | 10.44 | 10.71 | 12.79 9.28
musicB | NMF 10.41] 1580 | 4.45| 9.19 9.96
NPCA |[10.56 | 15.87 4.40 9.17 10.00
musicC | NMF 9.80 | 1811 7.02 8.96 10.97
NPCA 9.77 | 18.16 6.51 9.20 10.91

average . . . .5 .
NPCA || 6.47 | 13.52 8.19 | 11.43 9.90
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