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DOA 180 M

Θm = (m − 1)π/M , (m = 1, . . . ,M)
DOA DOA

θk

xk|ρ ∼ Discrete(ρ1, . . . , ρM ) (13)

θk = Θxk
(14)

ρ = (ρ1, . . . , ρK) xk ∈ {1, . . . ,M}
k DOA

( ρ1, . . . , ρM )
DOA

ak(ω)

ak(ω)|xk ∼ NC(�θk,ω, Σ(a)
ω ) (15)

ρ

Dirichlet

ρ ∼ Dirichlet(β0/M, . . . , β0/M) (16)

ak(ω)
DOA

4

y = y1:Ω,1:T
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Σ(n)
1:Ω, Σ(a)

1:Ω, α0, β0

p(a, s, z,v, x, ρ|y)∫
· · ·
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q(a), q(s), q(z), q(v),
q(x), q(ρ) F [q]
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q(z)

q(zω,t = K∗ + 1) = · · · = q(zω,t = ∞) = 0 (20)
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q̂(s) =
∏
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2
ω,t) (22)

q̂(z) =
∏
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q̂(v) =
∏
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q̂(x) =
∏
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q̂(ρ) =
∏
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Table 1 K∗ = 3, 30
( dB)

K∗ SDR SIR SAR

3 1 -2.55 1.03 2.48
2 -4.50 2.48 -1.59
3 2.44 10.67 3.50

-1.54 4.73 1.46

30 1 5.22 45.64 5.26
2 5.32 26.44 5.42
3 8.16 25.74 -6.80

6.23 32.61 5.34

Ratio (SIR) Signal-to-Artifact Ratio (SAR)
[9]

K∗

K∗ = 3( )
K∗ = 30 SDR SIR SAR 1
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3) 3 Dirichlet

DOA

Fig. 1
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